B ZE

=3

L Er ik

1448 $4%E 20064 12H pp. 71-77

A FX=5 o
A=
=4 FAlE 7HES 0|8¢t slo|HAHER H9|

Support Vector Machine(SVM)

Support Vector Machine Classification of Hyperspectral Image using
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Abstract

Support Vector Machine (SVM) which has roots in a statistical learning theory is a training algorithm based on
structural risk minimization. Generally, SVM algorithm uses the kernel for determining a linearly non-separable
boundary and classifying the data. But, classical kernels can not apply to effectively the hyperspectral image
classification because it measures similarity using vector’s dot-product or euclidian distance. So, This paper proposes
the spectral similarity kernel to solve this problem. The spectral similariy kernel that calculate both vector’s euclidian
and angle distance is a local kernel, it can effectively consider a reflectance property of hyperspectral image. For
validating our algorithm, SVM which used polynomial kernel, RBF kernel and proposed kernel was applied to land
cover classification in Hyperion image. It appears that SVM classifier using spectral similarity kernel has the most
outstanding result in qualitative and spatial estimation.

Keywords : Support Vector Machine (SVM), spectral similarity kernel, land cover classification, hyperspectral.
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