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Development of Voice Activated Universal
Remote Control System using the Speaker Adaptation
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ABSTRACT

In this paper, development of voice activated Universal Remote Control using the Neural Networks. A speaker dependent system is
developed to operate for a single speaker. These systems are usually easier to develop, cheaper to buy and more accurate, but not as flexible as
speaker adaptive or speaker independent systems. A speaker independent system is developed to operate for any speaker of a particular type
(e.g. American English). These systems are the most difficult to develop, most expensive and accuracy is lower than speaker dependent
systems. However, they are more flexible. A speaker adaptive system is developed to adapt its operation to the characteristics of new speakers.
It’s difficulty lies somewhere between speaker independent and speaker dependent systems. This paper is developed Speaker Adaptation using
the Neural Networks.
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Fig. 1. Hardware Configuration
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