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Abstract

Recently Digital multimedia broadcasting (DMB) has been available as a commercial service. The users sometimes
have difficulty in finding their preferred multimedia contents and need to spend a lot of searching time finding them.
They are even very likely to miss their preferred contents while searching for them. In order to solve the problem,
we need a method for recommendation users preferred only minimum information. We propose an algorithm and a
system for recommending users’preferred contents using preference transition probability from user’s usage history.
The system includes four agents: a client manager agent, a monitoring agent, a leaming agent, and a recommendation
agent. The client manager agent interacts and coordinates with the other modules, the monitoring agent gathers usage
data for analyzing the user's preference of the contents, the learning agent cleans the gathered usage data and
modeling with state transition matrix over time, and the recommendation agent recommends the user's preferred
contents by analyzing the cleaned usage data. In the recommendation agent, we developed the recommendation
algorithm using a user’s preference transition probability for the contents. The prototype of the proposed system is
designed and implemented on the WIPI(Wireless Internet Platform for Interoperability). The experimental results show
that the recommendation algorithm using a user's preference transition probability can provide better performances
than a conventional method.
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Table 1. contents information.

Cont; | Cont; | Cont; | Conty | Conts | Cont; | Cont; | Contg

The selected contents in the time
slot { ot day d, Jan. 7, 2003
The selected contents in the time
slot ¢+ at day d-1, Jan. 6, 2003
‘The really viewed confent in the

0 0 0 1 0 0 0 0

1 0 0 0 0 0 0 0

time slot t+1 at day d Jan. 7, 2003 1 V] 0 [ 0 0 0 ¢
from lest data
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Table 2. preference transition frequency matrix.

Frequency of each contents selected in the time slot #+1
at day d from Dec.7, 2002 to Jan.6, 2003
Cont; | Cont; | Cont; | Conts | Conts | Conts | Cont; | Contg
Contl 3 0 2 3 1 0 0 0
Cont2 4 0 3 3 1 0 0 0
Freqencyof 1oos | 9 [ o | 3 | 2| o | o | o | o
each
selectedinthe | Cont4 4 0 4 s 0 0 0 0
time slot ¢ at day
d fromDec.7, | Conts 0 0 1 1 0 0 0 0
2002 to Jan. 6,
2003 Cont6 0 0 0 0 0 1 0 0
Cont7 0 0 0 0 0 0 2 0
Cont8 0 0 0 0 0 0 0 0
T(4) 4 3 4 5 0 0 0 0
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Table 3. Example of a recommendation contents.
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2002 to Jan.6,
2003
Wa14() 1.507 1.00 1.00| 1.00| 100 100 1.00| 1.00
T4 4 [ 4 5 0 0 0 0
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