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Learning Performance Improvement of Fuzzy RBF Network

ABSTRACT

Kim Kwang—BaekT

In this paper, we propose an improved fuzzy RBF network which dynamically adjusts the rate of
learning by applying the Delta-bar-Delta algorithm in order to improve the learning performance of fuzzy

RBF networks.

The proposed learning algorithm, which combines the fuzzy C-Means algorithm with

the generalized delta learning method, improves its learning performance by dynamically adjusting the
rate of learning. The adjustment of the learning rate is achieved by self-generating middle-layered nodes
and by applying the Delta-bar-Delta algorithm to the generalized delta learning method for the learning
of middle and output layers. To evaluate the learning performance of the proposed RBF network, we
used 20 identifiers extracted from a container image as the training data. Our experimental results show
that the proposed method consumes less training time and improves the convergence of learning, compared
to the conventional ART2-based RBF network and fuzzy RBF network.
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