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(H# 3) £39| 0|2HE FAls 282

DENMBT

e | A | e | e | e |
MNL 10 -4579.947 -4621.229 -2242.495 99.93%
MNLRD 11 -4563.012 -4608.422 -2228.321 56.22%
CSET 12 -4357.277 -4406.815 -2151.950 58.09%
CSETRD 13 -4349.976 -4403.642 -2149.231 58.45%
CSETRD* 13 -4327.801 -4381.467 -2144.323 59.36%

(H &) CSEGEH MIZA|&L] +

A AR & we R loza?iﬁid e
1 12 -4357 277 -4406.815
2 18 ~4123.113 -4197 420
3 24 -4080.514 -4179.590
4 30 -3967.620 -4091.465
5 36 -3906.299 -4054.913
6 42 -3891.828 -4065.211
5* 32 -3914.002 -4046.104
A0S AE ARATEE SUd T 148 S
Hop Adgoe] 493 Ao 2 Yeigth oA ITHAAEFY o|dAF HES-9 o]AAS BF
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e
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=
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[es!
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=
)
*
{0 }.g

e Ze iFske Zloith 13y (& 39l v T 2%

nE By BAee AWHA 2 wge o ol H Ao ‘%E}”Oﬂﬁ M Bge B
Aol £A7HA AEEAZ YEE 7 ue FHTEE (& 5l Yebd whek 2o CSEG
Aol #elgjor & Zlojth(Chang et al. 1999: 233 vy % o) CSEGRDEH2 54 A
Bell and Latten 2000). Eo} 483 FAYE FollME ARET 22 A0R oAtk /R
e P52 MEA AT wish ol vt AN AR5k (log-likelihood$} hit ratio) =
9 olAAF TRy o)FE BT vt L33 WA vekd & IR S w3
P B¥E FAR sjord Zojrk o olFAL EF UYT AL APl
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Ry w5 Ag Cah;;étlon lojfﬁd?:;d Hit Ratio

CSEG 32 -4046.104 ~1991500 63.23%
CSEGRD 3 4043224 -1993571 62.93%
CSEGRD* 37 -4033.545 -1989,073 63.64%

(& 6 CSEGRD+2&2| 24 FHX

SR &A1 MEAE 2 HEAG 3 AEAE 4 AEAG 5
BLOY 0.192* 9417 3547 0.135* 0.856
LBP 0.457 0.819 0.375* 3.277 0.467
PGAIN 0.743 0.502 0.771 0.180** 0.010**
PLOSS 0.600 0.973 0529 0.359** 0.209**
PROMO 1523 1.173* 2.198 0.696 1.077
Hl—‘i‘r"lf HlE 0.486 0.046 0195 0079 0193
Mixture
probability 0.385
A
Threashold 0.068
* a=005 FEANAM F3tA &S (insignificant)
*a=005 5NN F 249 ¥ (PLOSS/PGAIN ©) 182G {98k At}
AR EAAE AR 2Y(CSEGRD) Y o5 (& 6)& Alotd 23 CSEGRD*4 25454
B SAHAE AMSA @2 ¥ (CSEG) AE HAFY ity F58 H2 AN 9
Ho} wrow 23]¥ overfittingshe A2E Y 273371 AR AEARANA $93F Ro] o}
bt whHo), CSEGRD+R89 A$- B3 Yt AFEA1E 49 5, &, 272%9 A AT
AL FRAZNM 2% CSEGEHED B {93 ZAoZ eyt o] Z3= Bell and
HAYRT 7} =A et oaks, redEs Lattin(2000) 9] A3w4 A3et dAjshe AL
of o]FAE Wrgst FAXNE AREE 29 24 4] olFdAE Y AV dE
THNA JEEI= o3 2R AdHTh Bt AAsAY, @As] ARAIAE e A
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Modeling the Effect of Consideration Set-Based

Reference Price:
Empirical Bayes & Latent Class Approach

Kwangpil Chang*

Abstract

A couple of previous studies have warned against the use of homogeneous choice models 1n
assessing the effect of reference price since unaccounted for response heterogeneity may result in
spurious reference price effects{Chang, Siddarth and Weinberg 1999: Bell and Lattin 2000).
According to Meyer and Kahn(1991), not accounting for consideration set heterogeneity may also
bias the effect parameters in the choice model. Therefore, failure to account for these two sources of
bias, in fact, have cast doubt on the empirical support for reference price effects in general.

In view of aforementioned potential sources of bias, the author investigates the robustness of loss
aversion effect in the reference-dependent model after accounting for heterogeneity in response as
well as consideration set. The proposed model defines individual household’s consideration set based
on the posterior distribution of preference obtained from the Empirical Bayes approach. In addition,
the same posterior distribution is used to form household-specific reference prices. Response
heterogeneity correction is carried out via the Latent Class approach. The proposed model
outperforms the Reference-Dependent model that includes the reference price measure most often
employed in the previous studies. This implies that as a way of simplifying decision task, consumers
restrict their consideration set to a subset of available brands not only in making a brand choice but

also in forming reference prices.

Keywords: reference price, loss aversion, empirical bayes, latent class approach
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