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Abstract

The Recommender systems help users to find and evaluate items of interest. Such
systems have become powerful tools in the domains from electronic commerce to digital
libraries and knowledge management. Sellers can recommend products to customers with
the prediction of future buying behavior on the basis of the consumer’s population
statistics and past selling behavior. In this paper, we are describing the design and the
development of personalization recommender system which increases satisfaction level of
customers by searching products to reflect the pattern and propensity of customers
properly. The suggested system supplies the real-time analysis service to predict the
customers’ purchase situation by applying the association rule of the data mining.
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Fig. 1. KDD Process

e

2.3.1 o= &|(Association Rule)
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Input : set of large itemsets
Output association  rules
confidence

A = {{m - 1)-itemsets am - 1 lam~1Cam}:
forall am-1€A do begin

conf =support( Ik) / support{ am-1):

if (conf=minconf) then begin

with  support

output rute am-1=xXik-am-1) with confidence =
conf, support ( Ik )
if(m-1>1) then
call genrules(lk , am-1):
end
end

03 2. ozt 7E Qi
Fig. 2. Association Algorithm
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Fig. 4. Web-based Recommender System Architecture
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Fig. 5. Data Warehouse Architecture
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Table 1. Environment of Implementation for Recommender

System
4 8 Mg LS
2] Microsoft Windows 2003
Cl[O[E{Hjo I AATE] Microsoft SQL Server 2005
A AMfe Microsoft Analysis Server
 Aed Microsoft (IS Server
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Fig. 6. Schema of Data Mart
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SELECT FLATTENED
TopCount(Predict((Customer Movies),
INCLUDE_STATISTICS),

$AdjustedProbability,
5)

FROM {Movie Recommendations)

NATURAL PREDICTION JOIN
( SELECT ( SELECT ‘Star Wars” AS (Movie] UNION

SELECT "The Matrix” AS (Movie) )
AS (Customer Movies) ) AS t

a3 8. of% Hel
Fig. 8. Prediction Query
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Private Sub Buttonl_Click(ByVal sender As  Object, _

ByVal e~ As System.EventArgs) Handles
Me.Button1.Click
" Parse the input into an Arraylist of strings.

Dim allnputltems As New Arraylist()

Dim splitchar As Char() = {":"c}

Dim szinputitems As String() =
Me.TextBox1.Text.Split(splitchar, 20)

Dim i As Integer

For i = 0 To szinputltems.Length ~ 1
allnputitems. Add(szinputitems(i). Trim())

Next i

" Add items to the shopping basket.
dgShoppingBasket.DataSource = allnputitems
dgShoppingBasket.DataBind()

' Get top 5 Recommendations.

Dim alRecommendeditems As New ArrayList(5)
GetRecommendations(allnputlitems,
alRecommendeditems)

." Display recommendations.
dgRecommendations.DataSource =
alRecommendediterms
dgRecommendations.DataBind()
End Sub ’Buttoni_Click
a8 9. ek FH
Fig. 9. Shopping Recommender
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Fig. 10. Picture of Movie Recommender System
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Table 2. Comparative Evaluation between the Two System
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