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New Rectangle Feature Type Selection
for Real-time Facial Expression Recognition
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Abstract :

In this paper, we propose a method of selecting new types of rectangle features that are suitable for facial

expression recognition. The basic concept in this paper is similar to Viola’s approach, which is used for face detection. Instead
of previous Haar-like features we choose rectangle features for facial expression recognition among all possible rectangle types
in a 3x3 matrix form using the AdaBoost algorithm. The facial expression recognition system constituted with the proposed
rectangle features is also compared to that with previous rectangle features with regard to its capacity. The simulation and
experimental results show that the proposed approach has better performance in facial expression recognition.

Keywords : rectangle feature, feature selection, facial expression recognition, AdaBoost, pattern classification
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Fig. 1. Overall structure of facial expression recognition systermn.
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