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Abstract

In this paper, we propose the content-based music information retrieval system with improved retrieval speed and
stable performance while maintaining resonable retrieval accuracy. In order to solve the in-stable system problem,
multi-feature clustering (MFC) is used to setup robust music DB. In addition, the music retrieval speed was improved by
using the SuperClass concept. Effectiveness of the system with SuperClass and without SuperClass is compared in terms
of retrieval speed, accuracy and retrieval precision. It is demonstrated that the use of MFC and SuperClass substantially
improves music retrieval speed up to 209 ~40% while maintaining almost equal retrieval accuracy.
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