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Document Retrieval using Concept Network

Wonchang Hur, Sangjin Lee

The advent of KM(knowledge management) concept have led many organizations fo seek an effective
way to make use of their knowledge. But the absence of right tools for systematic handling of unstructured
information makes it difficult fo automatically refrieve and share relevant information that exactly mest
user's needs. we propose a sysfematic method to enable content-based information retfrieval from corpus
of unstructured documents. In our method, a document is represented by using several key terms which
are automatically selected based on their quantitative relevancy to the document. Basically, the relevancy
is calculated by using a traditional TADF measure that are widely accepted in the related research, but
to improve effectiveness of the measure, we exploited ‘concept network’ that represents term-term
relationships. In particular, in constructing the concept network, we have also considered relative position
of terms occuring in a document. A prototype system for experiment has been implemented. The experiment
result shows that our approach can have higher performance over the conventional TFIDF method.

Keywords : Document Management, Information Retrieval, Concept Network, Knowledge Management
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Ao AgE EAHYRE Ad “IEEE Know
ledge and Data Engineering’ ol 1995\ ~ 1999'd
HA 748 % 3509 W] =EE Z 109 714
FAZ A9dE 12749 =& AHE3 745
Ao EAHZRY A FRAARE 71871 A3t
of 219 HEZL Y EXY UES AH &
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¥ EMAEE e 20 e BAE B
*h o] FA FEHOZE FAHE FA9]
o 2 A5 W 200~300 ©ole] AHE 74
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AA AL Y ZZEEQ AMA2HS
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o3 e AANE Aoz, FA, AR AL, HEAL,
Al 2 O gte] AF ARHE FAF FOE
TAE AAH e 2E(stop list)E AHERTE ofu]
AEHH L FA, FEAL HA 59 ofr(ending)
W3 7AAste 7|2Pos WyPss HAAolo.
ol& 938t Az AHEH I Qe 13 A (lexicon)
Ql A= (WordNet) 208 A3} tHMiller, 1993].
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. IR 7 ofFE T X AZE
A7 Y2EE F2Id o3 YA E
A AZALAE 12 Y& WY FodAZ 74
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TzE 53 QAAE BEE o &8t R
DA E AN R o3zt BEA Aol 7
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Fae BA-03 Pd3 g YEHIE F&
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AN FFo 2L /M EE AELHE re-
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7&"-‘3%401] UEhd £49 HER AdEn
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<E 5 ZAMZI 9 M5 ZH(of4

“neural network”)

683

1| 68 978 0125 1000% | 125% | 1000% | 125% | 100.0%
2 957 183 120 0.125 50.0% 25.0% 100.0% 25.0% 100.0%
3 48 957 48 0.25 66.7% 25.0% 66.7% 37.5% 100.0%
4 183 48 340 0.375 75.0% 37.5% 75.0% 50.0% 100.0%
5 978 195 211 05 80.0% 375% 60.0% 62.5% 100.0%
6 195 211 697 0.5 66.7% 50.0% 66.7% 62.5% 83.3%
7| m 340 183 0625 71.4% 62.5% 71.4% 750% | 857%
8 340 697 195 0.75 75.0% 62.5% 62.5% 75.0% 75.0%
9 120 978 64 0.875 77.8% 75.0% 66.7% 75.0% 66.7%
10 - 391 872 - - 75.0% 60.0% 75.0% 60.0%
11 - 120 699 - - 87.5% 63.6% 75.0% 54.5%
12 - 284 - - 87.5% 38.9% 87.5% 38.9%
13 - 329 - - 87.5% 36.8% 87.5% 36.8%
Fo 2 3o UH vt} precision® recall &

2 339D, recalld prec151on4

7} S/ 4 E recall&
7¥8tH, precision #AdE ?ﬂ’e}—g _Hi_olq-2)
ojgt 7L P oF F 1079 AME Yo

Z 4 ANARY Hee 24390 A AN
TAe A5 vasty] HsA, <& 6>0) RE
HhoL o] 10719 HMAAE YA O E recalld)
7 H2 249 precisiond HFFE FIY
o olE %3 FYE recall 1S NFoE
precisiong ¥|m¥ 4 9t}

<E >4 B upo} o] B Ao A A A
& HH42 7| &9 TFIDFE o] &3 WAlo) ul3)
BEE 7NN 543 A8 S AANSA
&3] recall®] 30%~60%9¢] 74-%o=
B 10

precision®]

% °old A vshde ZHE By

2) 49 M4E IR F7HA91 recalld} precision
< %7 WEo), S FEAN FNFHo=
recall# precision®] FA|o F7l3h= @xto] gith

0~10% 97.5 81.7 844
10~20% 87.6 70.2 729
20~30% 872 64.3 65.1
30~40% 874
40~50% 86.6

~60% 849
60~70% 84.8 46.7 521
70~80% 832 424 464
80~90% 814 394 40.0

Z2Y B e A 7K AR F ARG

7+

FAG A AHE A A= AL Google
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<E 7> A8 ZaH M0 ‘information retrieval' 2 ‘concurrency control’'2| H|12)

0~10% 100.0 100.0 100.0 100.0
10~20% 83.3 411 64.2 708 80.6 100.0
20~30% 75.0 402 35.1 817 817 87.8
30~40% 80.0 37.0 235 79.5 69.9 795
40~50% 83.3 345 213 80.9 619 759
50~60% 857 344 215 84.0 63.6 744
60~70% 82.6 35.0 - 85.7 504 517
70~80% 59.5 381 - - - -

80~90% - 36.2 - - - -
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