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Abstract

Recently, there has been enormous growth in the amount of commercial and scientific data.
Such datasets consist of sequence data that have an inherent sequential nature. However, only
a few of the existing clustering algorithms consider sequentiality. This study presents a
similarity measure and a method for clustering such sequence datasets. Especially, we present
an extended concept of the measure of similarity, which considers various conditions. Using a
splice dataset, we show that the quality of clusters generated by our proposed clustering
algorithm is better than that of clusters produced by traditional clustering algorithms.
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Step 0. Initialize
For all i
C«<S €D

Step 1. Compute the value of
the criterion function
Foreach G, G € D
compute the criterion function (Eq.(3))

Step 2. Merge
Chew < merge (G;, C;) for the max
value of the criterion function (Eq.(3))

Step 3. Check the condition
If (1G] > k) then go to Step 1.
Else go to Step 4.

Step 4. Exit
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Fig 1. The hierarchical clustering algorithm
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