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ZEIE 7Ive 2 Zgel vjElilo]lE 2Isk= o)tk EA single state multiple mixture W& 74
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STEok 4HARE 2.5) |
Wa propose two new methods for non-keyword modeling to improve the performance of speaker- and
vocabulary-independent keyword spotting system. The first method is decision tree clustering of monophone
at the state level instead of monophone clustering method based on K-means algorithm. The second method
is multi-state multiple mixture modeling at the syllable level rather than single state multiple mixture
model for the nomkeyword. To evaluate our method, we used the ETRI speech DB for training and keyword
spoiting test (closed test). We also conduct an open test to spot 100 keywords with 400 sentences uttered
by 4 speakers in an office environment. The experimental results showed that the decision tree-based state
clustering method improve 28%/29% (closed/open test) than the monophone clustering method based
K-means algorithm in keyword spotting. And multi-state non-keyword modeling at the syllable level improve
22%/2% ({closed/open test) than single state model for' the nonkeyword. These resuits show that two
proposed methods achieve the improvement, of keyword spotting performance.
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Figure 2. recognition network of keyword spotting system.
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Table 3. leaf node of M-2 model.
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Table 5. Closed test result using monophone method.
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Table 6. Closed test result using GMM method.

) = G-1 G-2
mixture 1 state | 3 staie | Ostate
10 62.50 | 62.00 | 81.00 | 89.50
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Table 8. Open test result using monophone method.
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Table 9. Open test result using GMM method.
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