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This paper is about how to identify emotional information and how to detect a specific emotion from speech
signals. For emwtion identification and detection task. we use long-term acoustic feature parameters and
select the optimal parameters using the feature selection technique based on F-score. We transform the
conventionat SVM into probabilistic output SVM for our emotion identification and detection system. In this
paper we propose three approximation methods for log-likelihoods in a hypothesis test and compare the
performance of those three methods. Experimental results using the SUSAS database showed the
effactiveness of both feature selection and probabilistic output SVM in the emotion identification task. The

proposed methods could detect anger emotion with 91.3% correctness.
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Table 1. Feature parameters used for emotion recognition task. Avg., Min., and Std. stand for average, minimum and standard

deviation, respectively. FO is pitch period and Eng. stands for energy. V and UV stands for voiced and unvoiced

segments, respectively,
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Table 2. A confusion matrix for five-emotion identification using
feature vectors of 42-dimension.
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Table 3. A confusion matrix for five-emotion identification using
selected feature vectors of 21-dimension.

Question | Fast | Angry | Neutral | Slow

Question 0.84 0.03 | 0.06 0.06 0.01

Fast 0.01 0.7 0.07 0.16 0.05

Angry 0.01 0.08 | 087 0.02 0.00
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Figure 2. Distributions of the log-ikelihood ratio (LLR) of
angry emotion class to its complementary class:
the solid line is LLR distribution for angry emotion
data and the dotted line is for all other emotion
data.
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Figure 3. ROC curves for three LLR approximation methods:

solid line is for the AppxCmpl method. dotted line

for the AppxNeut, and dashed line for the

AppxVirfy method.
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