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A New Stereo Matching Algorithm
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ABSTRACT

In this paper, in order to recover sharp object boundaries we propose a new efficient stereo matching algorithm in which window size is
varied to the distance from the boundaries of object. To this end, the processing region is divided into small subregions with a same area and
the disparities of the center pixels in the subregions are calculated using a area-based algorithm with muitiple windows. From the this disparity
map we can find the edges of the contracted objects. The disparities of original image are obtained using the gradient constraint that means the
disparity of the center pixel is similar to the ones of the remaining pixels in the subregion. From the experimental results it is found that the
proposed algorithm is very good for recovering sharp object boundaries compared to the similar different algorithm.
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Fig. 1. 5x56 multiple windows. Gray cells are used to
compute the similarity of each window and black ones
are pixels that we want to find in other images.
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Fig. 2. (a) Sample disparity map (b) Sample disparity
map with noise reduction
(c) gradient curve (d) direction of edge
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