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Abstract

In this paper, we propose a diagnosis algorithm using fusion model based on PCA and LDA to detect fault
states of the induction motor that is applied to various industrial fields. After yielding a feature vector from the
current value measured by an experiment using PCA and LDA, training data is made to produce each
matching value. In a diagnostic step, two matching values yielded by PCA and L.DA are fused by probability
model and finally verified. Since the proposed diagnosis algorithm takes only merits of PCA and LDA, it shows
excellent results under noisy environments. The simulation results to verify the usability of the proposed
algorithm showed better performance than the case just using conventional PCA or LDA
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