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A Development of Real Time Artificial Intelligence Warning System
Linked Discharge and Water Quality
(I1) Construction of Warning System

ol o A"/ o A A"

(=] —
Yeon, In Sung / Ahn, Sang Jin

Abstract

The judgement model to warn of possible pollution accident is constructed by multi-perceptron,
multi layer neural network, neuro-fuzzy and it is trained stability, notice, and warining situation due
to developed standard axis. The water quality forecasting model is linked to the runoff forecasting
model, and joined with the judgement model to warn of possible pollution accident, which completes
the artificial intelligence warning system. And GUI (Graphic User Interface) has been designed for
that system. GUI screens, in order of process, are main page, data edit, discharge forecasting, water
quality forecasting, warining system. The application capability of the system was estimated by the
pollution accident scenario. Estimation results verify that the artificial intelligence warning system can
be a reasonable judgement of the noized water pollution data. '

keywords : warning system, pollution accident, artificial intelligence, multi-perceptron, multi layer
neural network, neuro—-fuzzy, GUI
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