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Improved Learning Algorithm with
Variable Activating Functionsl

Ro Jin Pak?

Abstract

Among the various artificial neural networks the backpropagation
network (BPN) has become a standard one. One of the components in a
neural network is an activating function or a transfer function of which a
representative function is a sigmoid. We have discovered that by updating
the slope parameter of a sigmoid function simultaneous with the weights
could improve performance of a BPN.
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