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A Study on Face Awareness with Free size using Multi-layer
Neural Network
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Abstract

This paper suggest a way to detect a specific wanted figure in public places such as subway stations and banks by
comparing color face images extracted from the real time CCTV with the face images of designated specific figures.
Assuming that the characteristic of the surveillance camera allows the face information in screens to change
arbitrarily and to contain information on numerous faces, the accurate detection of the face area was focused. To
solve this problem, the normalization work using subsampling with 20 x20 pixels on arbitrary face images, which is
based on the Perceptron Neural Network model suggested by R. Rosenblatt, created the effect of recogning the whole
face. The optimal linear filter and the histogram shaper technique were employed to minimize the outside interference
such as lightings and light. The addition operation of the egg-shaped masks was added to the pre-treatment process
to minimize unnecessary work. The images finished with the pre-treatment process were divided into three reception
fields and the information on the specific location of eyes, nose, and mouths was determined through the neural
network. Furthermore, the precision of results was improved by constructing the three single-set network system with
different initial values in a row.
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Fig. 1. Human's reflex awareness processing process
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Fig. 3. Typical images which is used for face awareness
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Fig. 4. Actual face detection scenario
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Fig. 14. Multi-layer perceptron
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