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Many researches have been focused on the analysis of industry disasters in order
to reduce them. As a similar endeavor, this paper provides a propensity analysis of
injured - people from various industries using classification and regression
tree(CART), a data mining algorithm. The sample for this work was chosen from
25,157data related to various industries during one year (20032 ~ 2004.1) at
Kangwon-Do in Korea. For' the purposé of this paper, eight independent variables
(injured date, injured time, injured month, type of injured person, continuous
service period, sex, company size, age)are taken from injured person group.
According to the analysis result, it is found that five out of the eight factors that
are predicted as significant have salient effects. Factors of season, time/hour,
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day of the week, or month which disasters happened do not show any significant
effect. This paper provides common featurés of injured people. The provided
analysis result will be helpful as a starting point for root cause analysis and
reduction of industry disasters and also for development of a guideline of safety
management.
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4.2.1 Training Data
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