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Abstract

The extraction of traffic information based on image processing is under broad research recently because the method
based on image processing takes less cost and effort than the traditional method based on physical equipment. The
main purpose of the algorithm based on image processing is to extract vehicles from an image correctly. Before the
extraction, the algorithm needs the pre-processing such as background subtraction and binary image thresholding. During
the pre-processing much noise is brought about because roadside tree and passengers in the sidewalk as well as vehicles
are extracted as traffic flow. The noise undermines the overall accuracy of the algorithm. In this research, most of
the noise could be removed by extracting the exact road area which does not include sidewalk or roadside tree. To
extract the exact road area, traffic lanes in the image were used. Algorithm speed also increased. In addition, with
the ratio between the sequential images, the problem caused by vehicles' shadow was minimized.

Keywords : Vehicle extraction, Segmentation, ITS, Background subtraction
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