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Abstract

Many researches on intelligent system have been performed and various intelligent algorithms have been developed,
which are effective under an assumed specific environment and purpose. But in an real environment, the performance
of these algorithms can be largely degraded. In this paper, we proposed an Evolvable and Reconfigurable(ERI)
Architecture based on intelligent Macro Core(IMC) so that various and new algorithms can be easily added
incrementally and construct the reconfigured intelligent system easily. We apply the proposed ERI Architecture to
face detection and recognition system to show its usefulness.
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