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Fuzzy Elastic Bunch Graph Matching
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Abstract

In this paper, we describe a face recognition using EBGM(Elastic Bunch Graph Matching) method. Usally, the PCA
and LDA based face recognition method with the low-dimensional subspace representation use holistic image of faces,
but this study uses local features such as a set of convolution coefficients for Gabor kernels of different orientations
and frequencies at fiducial points including the eyes, nose and mouth. At pre-recognition step, all images are
represented with same size face graphs and they are used to recognize a face comparing with each similarity for all
images. The proposed algorithm has less computation time due to simplified face graph than conventionat EBGM
method and the fuzzy matching method for calculating the similarity of face graphs renders more face recognition
results.
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