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Real-time Fault Detection and Classification of Reactive Ion Etching
Using Neural Networks
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ABSTRACT

In coagulant control of water treatment plants, rule extraction, one of datamining categories, was performed for coagulant
control of a water treatment plant. Clustering methods were applied to extract ‘control rules from data. These control rules can be
used for fully automation of water treatment plants instead of operator’s knowledge for plant control. To perform fuzzy clustering,
there are some coefficients to be determined and these kinds of studies have been performed over decades such as clustering
indices. In this study, statistical indices were taken to calculate the number of clusters. Simultaneously, seed points were found out
based on hierarchical clustering. These statistical approaches give information about features of clusters, so it can reduce computing
cost and increase accuracy of clustering. The proposed algorithm can play an important role in datamining and knowledge
discovery.
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Figure 1. Prediction of time series data using BP
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Figure 4. Training flowchart of BP algorithm
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