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Forecasting the Sea Surface Temperature in the
Tropical Pacific by Neural Network Model
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Abstract: One of the nonlinear statistical modelling, neural network method was applied to predict the Sea Swface
Temperature Anomalies (SSTA) in the Nifio regions, which represent El Nifio indices. The data used as inputs in the
training step of neural network model were the first seven empirical orthogenal functions in the tropical Pacific (120" E-
290° E, 20" 820" N) obtained fiom the NCEP/NCAR reanalysis data. The pericd of 1951 to 1993 was adopted for the
training of neural network model, and the period 1994 o 2003 for the forecasting validation. Forecasting results suggested
that neural network models were resonable for SSTA forecasting until 9-month lead time. They also predicted greatly the
development and decay of strong El Nifio ocowrred in 1997-1998 vears. Especially, Nifio3 region appeared to be the best
forecast region, while the forecast skills rapidly decreased since 9-month lead time. However, in the Niflol+2 region
where they are relatively low by the influence of local effects, they did not decrease even after 9-month lead time.
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