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Abstract

Conventional estimating methods forecast the future that it usually using the past
statistical numerical value. In order to forecast the farming price, it must need many
effort and accuracy knowledge. Therefore, to solve the these problems, this paper to
improve forecasting farming price using fuzzy rules and neural network as a
preprocessing. Also, we developed an intelligent farming expert system for real time
forecasting as a postprocessing about unexpectable conditions. Computer simulation
results proved reducing pricing error which proposed farming price expecting system
better than conventional demand forecasting system does not using fuzzy rules.
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Table 1. Input data of neural farming expert

system
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