=& 05-30-9C-08 PZEA1 83 =F 2] *05-9 Vol.30 No.9C

A SASY SHANE 9T 5 FEAY
Aua o F A @ F A

Fast computation of Observation Probability for
Speaker-Independent Real-Time Speech Recognition

Dong-Chul Park*, Ju-Won Ahn** Regular Members
2 %

H/Wel F35s S Aladedx e s 903t A2 ‘QJ_E]—EO] oA AlkEgie.
A 3% AZEE AlKFast Computation of Observation Probablllty FCOP) 22 B8 EAe 24}
A7) o2 CDHMMolA] Aelstate) 2 Tl SFLIIGTE Zold] d8ES aoxloz AAste] A
AR F2sA)7]e whelrh AA) H/W 279 SAAH &7 AF AL, 71E dhge] nls) QAEY A
s Ham 'rrx]?‘}“% "ﬂgﬂ‘ﬂ ARIZE 20%~32% ZHAAA = dden, KRS oF 3094 S UK
o Ak i 7}?‘]3‘ AR FefiEel] "Alsl. alEE Y QXSS SAI A A4
€9 A3HE 0.2% °]5]'i WZ]K}‘“&H, ANEFEE 30% °1¢ S7HIE F Uk

Key Words : Speech Recognition,CDHMM, Observation Probability, PDF

ABSTRACT

An efficient method for calculation of observation probability in CDHMM(Continous Density Hidden Markov
Model) is proposed in this paper. the proposed algorithm, called FCOP(Fast Computation of Observation
Probability), approximate observation probabilities in CDHMM by eliminating insignificant PDFs(Probability
Density Functions) and reduces the computational load. When applied to a speech recognition system, the propsed
FCOP algorithm can reduce the instruction cycles by 20%-30% and can also increase the recognition speed about
30% while minimizing the loss in its recognition rate. When implemented on a practical cellular phone, the
FCOP algorithm can increase its recognition speed about 30% while suffering 0.2% loss in recognition rate.
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