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PCA-based Feature Extraction using Class Information
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Abstract

Feature extraction is important to classify data with large dimension such as image data. The representative feature
extraction methods for feature extraction are PCA, ICA, LDA and MLP, etc. These algorithms can be classified in two
groups: unsupervised algorithms such as PCA, LDA, and supervised algorithms such as LDA, MLP. Among these two
groups, supervised algorithms are more suitable to extract the features for classification because of the class
information of input data. In this paper we suggest a new feature extraction algorithm PCA-FX which uses class
information with PCA to extract features for classification. We test our algorithm using Yale face database and
compare the performance of proposed algorithm with those of other algorithms.
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