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Abstract Recommendaﬁon systems analyze user preferences and recommend items to a user by
predicting the user’s preference for those items. Among various kinds of recommendation methods,
collaborative filtering(CF) has been widely used and successfully applied to practical applications.
However, collaborative filtering has two inherent problems: data sparseness and the cold-start
problems. If there are few known preferences for a user, it is difficult to find many similar users, and
therefore the performance of recommendation is degraded. This problem is more serious when a new
user is first using the system. In this paper, we propose a method of integrating additional feature
information of users and items into CF to overcome the difficulties caused by sparseness and improve
the accuracy of recommendation. In our method, we first fill in unknown preference values by using
the probability distribution of feature values, then generate the top—N recommendations by applying
collaborative filtering on the modified data. We call this method of filling unknown preference values
as data blurring. Several experimental results that show the effectiveness of the proposed method are
also presented.
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