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(Face Recognition under Varying Pose using Local Area obtained by
Side-view Pose Normalization)
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Abstract

This paper proposes a face recognition under varying poses using local area obtained by side-view pose normalization.
General normalization methods for face recognition under varying pose have a problem with the information about invisible
area of face. Generally this problem is solved by compensation, but there are many cases where the image is distorted or
features lost due to compensation .To solve this problem, we normalize the face pose in side-view to reduce distortion
that happens mainly in areas that have large depth variation. We only use undistorted area, removing the area that has
been distorted by normalization. We consider two cases of yaw pose variation and pitch pose variation, and by
experiments, we confirm the improvement of recognition performance. ’

Keywords : face recognition, face pose, local area, cylindrical model, pose invariant
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Fig. 3. Result of Yaw Pose Transform.
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Fig. 5. Detection of Local Area.
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Fig. 7. Pose estimation results.
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Table 1. Recognition Rate for Normalization Degree.
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Table 2. Recognition Rate for Training Whole Images.
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Table 4. Recognition Rate using Decision-level Fusion.
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