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This paper is intended to compare the hazard rate estimations from Bayesian approach and maximum likelihood esti-

mate(MLE) method. Hazard rate frequently involves unknown parameters and it is common that those parameters are esti-

mated from observed data by using MLE method. Such estimated parameters are appropriate as long as there are suffi-

cient data. Due to various reasons, however, we frequently cannot obtain sufficient data so that the result of MLE method

may be unreliable. In order to resolve such a problem we need to rely on the judgement about the unknown parameters.

We do this by adopting the Bayesian approach. The first one is to use a predictive distribution and the second one is a

method called Bayesian estimate. In addition, in the Bayesian approach, the prior distribution has a critical effect on the

resuit of analysis, so we introduce the method using computerized-simulation to elicit an effective prior distribution. For

the simplicity, we use exponential and gamma distributions as a likelihood distribution and its natural conjugate prior dis-

tribution, respectively. Finally, numerical examples are given to illustrate the potential benefits of the Bayesian approach.
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