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This study firstly developed a tool for evaluating performance requirements of automatic vehicle
identification (AVI) techniques. A microscopic traffic simulator, Paramics, was employed to
investigate the effects of AVI performances on the accuracy of estimating section travel times.
Mote Carlo simulation approach was incorporated into Paramics to conduct systematic evaluations
of identifying required AVI performances. The proposed method in this study can serve as a logical
and necessary precursor to field implementation of a variety of AVI techniques toward achieving

more reliable traffic information.
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