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Multiple SVM Classifier for Pattern Classification in Data Mining
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Abstract

Pattern classification extracts various types of pattern information expressing objects in the real world and decides
their class. The top priority of pattern classification technologies is to improve the performance of classification and,
for this, many researches have tried various approaches for the last 40 years. Classification methods used in pattern
classification include base classifier based on the probabilistic inference of patterns, decision tree, method based on
distance function, neural network and clustering but they are not efficient in analyzing a large amount of
multi-dimensional data. Thus, there are active researches on multiple classifier systems, which improve the
performance of classification by combining problems using a number of mutually compensatory classifiers.

The present study identifies problems in previous researches on multiple SVM classifiers, and proposes BORSE, a
model that, based on 1:'M policy in order to expand SVM to a multiple class classifier, regards each SVM output as
a signal with non-linear pattern, trains the neural network for the pattern and combine the final results of
classification performance.
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