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Coordinate Calibration of the ODVS using Delta-bar-Delta Neural Network
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ABSTRACT

This paper proposes coordinates transformation and calibration algorithm using 3D parabolic coordinate
transformation and delta-bar-delta neural algorithm for the omni-directional image captured by catadioptric
camera. Experimental results shows that the proposed algorithm has accuracy and confidence in coordinate
transformation which is sensitive to environmental variables.
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22 1. Omni-directional Vision
Fig 1. Omni-directional Vision.

(a) ODVS, (b) Omni-directional image
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Fig 2. Comparison of Multi~Vision and Omni-Vision
(a) Multi-Vision, (b)Omni-Vision.
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Fig 5. Calibration panel.
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Table 1. Neural network leaming parameters
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