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The Joint Effect of factors on Generalization Performance of Neural
Network Learning Procedure

YeoChang Yoon'

ABSTRACT

The goal of this paper is to study the joint effect of factors of neural network learning procedure. There are many factors, which may
affect the generalization ability and leamning speed of neural networks, such as the initial values of weights, the learning rates, and the
regularization coefficients. We will apply a constructive training algorithm for neural network, then patterns are trained incrementally by
considering them one by one. First, we will investigate the effect of these factors on generalization performance and learning speed. Based
on these factors’ effect, we will propose a joint method that simultaneously considers these three factors, and dynamically tune the
learning rate and regularization coefficient. Then we will present the results of some experimental comparison among these kinds of
methods in several simulated nonlinear data. Finally, we will draw conclusions and make plan for future work.

Key Words : Initial Weight, Learning Rate, Regularized Coefficient
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