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Abstract

In this paper, we propose a hierarchical hybrid neural network for detecting faults of induction motor. Implementing
the classifier based on the input and output data, we apply appropriate transform and classification method at each
step. In the proposed method, after obtaining the current of state of motor for each period, we transform it by
Principle Component Analysis(PCA) to reduce its dimension. Before the training process, we use the conditional Fuzzy
C-means(FCM) for obtaining the initial parameters of neural network for more effective learning procedure. From the
various simulations, we find that the proposed method shows better performance to detect and diagnosis of induction
motor and compare than other methods.
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Fig. 1. Radial Basis Function Network
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Table. 1 Performance Index
PCA PCA + RBFN
Training 100[%] 100[%]
Checking 100[%] 100[%]
SNR40 92.56[%] 98.14[%]
SNR30 92.561%] 983.4[%]
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SNR10 88.89[%] 90.74[%]
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SNR5 40.74[%] 59.25[%]
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