X
5-2-10

SPYPENS o8 AT 24 A
(Robust Speech Recognition Using Independent
Component Analysis)

9 &8 7+ (Hyung-Kyu Im)D ©]#7](Chang-Ki Lee)?

PR

71E S A AAA HEdA Z FALE FEolth B =FME FEol 3
9l A4 AzzRE FE AEE B e $HS ALt o By Aol A
9l 24 A3z =PAHEEAM(ICAiIndependent Component Analysis)& A& o4&
A% E2(blind source separation)®& &3t TS AES AASA I Feol
EgE 24 N3 EPHEEAME WA (preprocessing) FA ol o] &Fo2H A4y
e FA4AZ 4 gtk AR &4 A3 43 AYFSS HAUAL A$ QX E
o] AL PxE 49 AHEHT Z+Z FHO 1498%, 13.78%7HA A s AU 18y

SHAEEAMcZ HAdd 349 A A2 fle A d4E FE2(HZ 97.39%,
96.49%)2.2 detwow, SHFEEHS ol&d A4 FS AA AHE FE
= o)

ABSTRACT

Noisy speech recognition is one of most important problems in speech
recognition. In this paper, a method which efficiently removes the mixed noise with
speech, is proposed. The proposed method is based on the ICA to separate the
mixed noise. ICA(Independent component analysis) is a signal processing technique, whose

goal is to express a set of random variables as linear combinations of components that are
statistically as independent from each other as possible.
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Table 1. SNR and correlation coefficients of

speech- music noise mixtures and
recovered sneech
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Fig. 7. Recovered street noise(top) and speech
signals(bottom).
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Table 2. SNR and correlation coefficients of
speech- street noise mixtures and
recovered speech.
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Table 3. Recognition rate according to ICA
application. (music noise)
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Table 4. Recogniton rate according to ICA
application. (street noise)
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