HIEFEA ololet s o] §8te 7 7|¥ Co-training ¥ 991

B 2534 dloJelE o] &8+ &7 7vk
Co-training ¥

(A Co-training Method based on Classification Using
Unlabeled Data)

= hd = 1t Tt 2 ++ Ranid
s 4’ o4= a5 % 28" 43Z

re

(Hye-Sung Yoon) (Sang-Ho Lee) (Seung-Soo Park) (Hwan-Seung Yong) (Ju-Han Kim)

R % AE AET T B & oM dHolgl ML ¥ Wi AL £9 2HIEANE Hels
(labeled data)9} B 49 HIEFHEAIE dlolelunlabeled data)7} 1€ &+ Utk EHFEAIE A2 A}
Fo| o] g 7H7 W&ol A7t oly: ulgo] Bol EXY, BIEFEAR ABE & ofEe §lol
A € F Aok oW HEFEAEY AEE o839 AEE -Er%’-ﬁ}il EA3hed g8 olgd1 e
Wo] co-training YR Folct o] PHPE FL F9 & ﬁ"]% AgoA F 7HA R(viewE Z+ 7
A5 g3 28 4 ERle B43ax) s ZE HIEFEAE ABCA 1R 9EEve 54
EE TE0] Yt ojFA FA Holg AdA A9 0431 H HEAHe g & HE Z FoA NEL

EFA7L stgEo] BREANE A8y F7t FUMs

B =R HESFEAE HoletE o]&8td 2L co-training YL A o) e F 7}

2 EFA9l WebKB ¥ BIND XML9] 271 44 Hoglg 71x|x 5’37}5}%1‘:}. AY Fx2A, o] =F
oA "1]°R"} co-training Wge] EFEAE 229 7} vl$ AL o ERAYFHE axHoF P
4 39S 294

719 = : co-training, ¥F L1l wuAl gF, HTESE Holg

Abstract In many practical learning problems including bioinformatics area, there is a small
amount of labeled data along with a large pool of unlabeled data. Labeled examples are fairly expensive
to obtain because they require human efforts. In contrast, unlabeled examples can be inexpensively
gathered without an expert. A common method with unlabeled data for data classification and analysis
is co-training. This method uses a small set of labeled examples to learn a classifier in two views.
Then each classifier is applied to all unlabeled examples, and co-training detects the examples on
which each classifier makes the most confident predictions. After some iterations, new classifiers are
learned in training data and the number of labeled examples is increased.

In this paper, we propose a new co-training strategy using unlabeled data. And we evaluate our
method with two classifiers and two experimental data: WebKB and BIND XMIL data. Our
experimentation shows that the proposed co-training technique effectively improves the classification
accuracy when the number of labeled examples are very small.
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