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Abstract Gene expression profile is numerical data of gene expréssion level from organism,
measured on the microarray. Generally, each specific tissue indicates different expression levels in
related genes, so that we can classify disease with gene expression profile. Because all genes are not
related to disease, it is needed to select related genes that is called feature selection, and it is needed
to classify selected genes properly. This paper proposes GA based method for searching optimal
ensemble of feature-classifier pairs that are composed with seven feature selection methods based on
correlation, similarity, and information theory, and six representative classifiers. In experimental results

with leave-one—out cross validation on two gene expression profiles related to cancers, we can find
ensembles that produce much superior to all individual feature-classifier fairs for Lymphoma dataset

and Colon dataset.
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PC 716 67.6 66.4 66.8 784 78.0 725
SC 78.8 67.2 68.0 68.0 784 76.8 729
ED 75.2 62.8 66.4 66.4 76.0 776 70.7
cC 80.0 64.4 724 724 78.0 784 743
IG 85.2 75.2 776 716 81.6 832 80.1

MI 80.0 676 672 672 76.4 712 726

SN 81.2 70.8 68.0 68.4 78.8 79.2 744
o 79.7 679 694 69.5 78.2 786 73.9




oEF #

ALY dolehdel BR-RRAE HH 42 gl 533

E 6 gt dloletel i@ @ S3-£7/7) 2%
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