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Algorithm mining Association Rules by considering Weight Support
Keun Hyung Kim'- Byung Woong Whang'" - Min Chul Kim'

ABSTRACT

Association rules mining, which is one of data mining technologies, searches data among which are frequent and related to each other in
database. But, although the data are not frequent and rare in database, they have the enough worth of business information if the data ares
important and strongly related to each other, In this paper, we propose the algorithm discovering association rules that consist of data, which
are rare but, important and strongly related to each other in database. The proposed algorithm was evaluated through simulation. We found
that the proposed algorithm discovered efficiently association rules among data, which are not frequent but, important.

J|1/E : HIOIEIDtOIH (Data Mining), Y&Al(Associaton Rule), EAHOIE(Rare Data), ZR2XXI=(importance Support)
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insert into Cy.1 / *join step */
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(3) do Apriori Algorithm
end
(4) for (k « 2; semiCx * & ; k++)do
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