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Abstract

The operation mode of neural network is divided into learning and recognition process. Learning is updating process of
weight until neural network archives target result from input pattern. Recognition is arithmetic process of input pattern
and weight. Traditional inner product process is focused to improve processing speed and hardware complexity. There is
no hardware architecture to distinguish between leamning and recognition mode of neural network. In this paper, we
propose the new architecture of low power inner product processor for reconfigurable neural network. The proposed
architecture is similar with bit-serial inner product processor on learning mode. It have several advantages which are fast
processing base on bit-level, suitability of hardware implementation and pipeline architecture to compute data. And
proposed architecture minimizes active units and reduces consumption power on recognition mode. Result of simulation
shows that active units is depend on bit representation of weight, but we can reduce active units about 50 precent.
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Table 6. Classification of inner product process depend on input data type.
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