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Subband Affine Projection Algorithm
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This paper presents the subband affine projection algorithm(SAPA). The improved performance of SAPA is

achieved by applying the affine projection algorithm to the subband adaptive structure. In this algorithm,

the weight updating formula of adaptive filter is simply derived by using the orthogonal quadrature

filter(OQF) as an analysis filter bank for subband filtering. The derived SAPA has the fast convergence

speed and small computational complexity. The efficiency of the proposed algorithm for colored input signal
is evaluated through some experiments.
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Fig. 1. Adaptive system identification block diagram.
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fig. 3. The impuise response of an actual echo path in
the stopping automobile.
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Table 1. Parameters used in the experiment.

Algorithms Parameters
NLMS #=0.675, N=256
M=2 NLMS £=10.0007, N=256,
Full-band APA #=0.35. N=256, P=38
M=2 SAPA £=0.25, N=256, P=4
M=4 SAPA #=0.25, N=256, P=2
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Fig. 5. Comparison of the cumulated computational
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