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- Maximum a posteriori (MAP) estimation

- Maximum likelihood linear regression
(MLLR) estimation

- Clustered models: gender-dependent model,
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- Vector Taylor series (VTS)

- BHEY SgRd g vdyssoE LA
W3gE deiEeh A2 vdoi Al
S Hi 2dE2 HHsste W non-
stationary noise modeling

- Q7EEH O A FRE T 58
B ZAstete] 44 gy WEeEs



28 FeMesEx HM112 M2z (2004. 3)

Al717} 8k S8R9 neural networks
HMMo] 7HA3 e S84 7Y E 5 &
ZHE Y 5§ /PE Has] A% wyo
2 Hoh 71 78 ERWEY AFA e
#A3E HMM frameworkol E¢shs HHH:
segment models

- Parametric trajectory model

- Unified frame- and segment-based model
23 oof 2™ V|

AR G99 ANAHS 93t FSNojy CFG
2 dojlrdo] AMLHIAL, o2 Aol
2 o3 7te] BAE MEYCE BHILE tho]
Fl29] g&o] ot IEE Yol E 9 A

2938 71¢2 5AF dojnd 7Y =2

©

L2

Ak,
- FSN (Finite State Network): 212]3}313} 3}
T 03¢ dZBAE UEYCE HHsH
Fgol AFHY o 5] ¢
- CFG (Context Free Grammar): #%-& FSN
3 22 UEYOE st FSNET A=
7F AARY BE 7Fs e £ oBlg
- Smoothing: deleted interpolation, back-off
(Good-Turing, Katz, Kneser-Ney), class
N-grams
- Long distance language model: cache
language model, trigger language model,
whole sentence language model
- Adaptive language model: topic-based
language model, maximum entropy model
- 9] u] & (semantic grammar): LSA (Latent
Semantic Analysis)
- Structured language model: X135 FZH
HE 9tgst AdoJRdE 7)€ N-gram3} 2%
b A

4

ol
ofr

R thopst 71 s A
ol Y50} gtor, Kol B} YU 23w
o 48, IY% dolndstel 14 5Y, 4F
A4 FR BASO 29 So| BojolA ofz)e} 7
2 o3 7HA Y Ee] AdE T HFHos He
o] AR QNAA A AMRF T gtk

- ©o] AANA context-dependent acoustic
model& AHE-dHE W

- BAEE E8F0E 287 T tree
lexicon

- Adolxd FE9 factorization

- t'HAl beam search

- State level, phone level, word level
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- Forward-backward search algorithm using
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- N-best lists: exact N-best algorithm,
word-dependent N-best algorithm

- Word lattices: word-lattice algorithm,
word-graph algorithm
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