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2 ugt Vg MR 4 7F w2 (Inverse Gaussian Distribution)= 9] 83Fo g
A-5-3) (positively skewed) B2 ZA AW, ££5, AL ZAT, ofF, =5 4 HAF
3 A8EE AY Al7]7)o] A A3 £ o)t} (Chhikara and Forks (1978,1989) ;Seshadri
(1999)). 2832 2 L4 =

A 3 /\(z—/,t)2
N A et 7 ‘
f($,,u, ) x exp[ o2 , x> 0,u,A>0, (1 1)

ol e,
o 7 AR 29 BAT o o] ] ¢ (Bayesian) $-2-2 Banerjee9} Bhattacharyya (1979),

Padgett (1981) 5 o] E4of & AF AT AR =23, # 7AW = 7 7HHighest Posterior
Density Interval) 5-9] A& 123 % t}. 5 3], Banerjee?} Bhattacharyya (1979)& 24}
Aol el FAHEH AAAEEY} FHALALEE o) &3] 23329, Padgett (1981)
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Tweedie (1957a, 1957b)£ &4 7192 £ 2o} 3" SAFH AAEH AR EEZ Y
Ao tﬁéﬂ/\i A Fr}. Folks® Chhikara (1978)& st 2 53l o 7S ARTY
A HAEE AAM 3] 4718t} Huberman 5 (1998)-2 AOL (American on Line)s} %
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QS B0, 6, < 1019 Hol A+ REYTE BT Bal, 0, > 100 o] B o APAEE

£ ATFEES FAHC,

Hj o] ] oF FEF ool Al ALAE L (prior distribution)2] o]-&-& FLAolth. FAY 3
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S EFF AR AR R 2SR Aol o] 8 5 Y= FAHEA APAEE (noninformative
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H AARE F stvo|th. B 10U BAF ZYNA Jeffreys’ AR ZE= FEUSA
£ W53t (Welch$} Peers (1963)), 71 &AM B2 o}, 28] v} Aol 2. 4=(nuisance param-
eter) 7k A= A%, Jeffreys ALHEZE GEE (probability matching) 4 & #E813] Fo
o, Bernardo(1972)+ F-FE XA F 238+ 39 marginalization paradox2} 22 £ A3
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PT {8, <07 (mX)|X] =1 - q, (2.1)
& TSI
whef,
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Reid (1989)).
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0

n

m

3

0.1

3
5
10
30

0.1696(0.9958)
0.1012(0.9920)
0.0620(0.9830)
0.0528(0.9638)

0.0846(0.9948)
0.0536(0.9908)
0.0412(0.9818)
0.0428(0.9606)

0.3

10
30

0.1430(0.9894)
0.0864(0.9828)
0.0688(0.9710)
0.0620(0.9546)

0.0568(0.9866)
0.0430(0.9780)
0.0450(0.9650)
0.0488(0.9480)

0.5

10
30

0.1396(0.9890)
0.0902(0.9788)
0.0714(0.9658)
0.0574(0.9568)

0.0534(0.9848)
0.0426(0.9708)
0.0452(0.9502)
0.0462(0.9480)

10
30

0.1364(0.9814)
0.0956(0.9754)
0.0770(0.9650)
0.0618(0.9606)

0.0498(0.9706)
0.0442(0.9600)
0.0458(0.9534)
0.0462(0.9500)

10
30

0.1526(0.9806)
0.1084(0.9718)
0.0820(0.9672)
0.0660(0.9578)

0.0490(0.9576)
0.0472(0.9500)
0.0512(0.9484)
0.0510(0.9500)

10
30

0.1064(0.9668)
0.0856(0.9674)
0.0608(0.9574)

0.0454(0.9556)
0.0500(0.9406)
0.0496(0.9532)
0.0466(0.9484)

10

10
30

(
(

(
0.1554(0.9812)
(

(

(

(

0.1540(0.9812)
0.1042(0.9734)
0.0840(0.9656)
0.0668(0.9572)

0.0418(0.9516)
0.0476(0.9490)
0.0504(0.9492)
0.0492(0.9468)
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61 =2 =1006; = 2 + 5 =201 o, ojw} & 7hex FX= AFEES 2 FeiE
atA Aot

0907 1019 1156 .1094 .1029 .1026 .0887 .1066 .1005 .0884
.0862 .1168 .0847 .0994 .1043 .1094 .1001 .0938 .1042 .1236
.0983 .0924 .0996 .0950 .1100 .0881 .1158 .1091 .0943 .0911
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| A2 B Kolmogorov-Smirnov AR L AR 0] ARREQ 29, BHEABe
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Normal Distribution

229 4.2: Quantile-Quantile Plot for Artificial Data
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Noninformative Priors for the Ratio of Parameters in

Inverse Gaussian Distribution

Sang Gil Kang? Dal Ho Kim®» Woo Dong Lee®

ABSTRACT
In this paper, when the observations are distributed as inverse gaussian, we devel-
oped the noninformative priors for ratio of the parameters of inverse gaussian distri-
bution. We developed the first order matching prior and proved that the second order
matching prior does not exist. It turns out that one-at-a-time reference prior satisfies
a first order matching criterion. Some simulation study is performed.

Keywords: Noninformative Prior, Probability Matching Prior, Reference Prior, Inverse
Gaussian Distribution
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