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Real-Time Forecasting of Flood Runoff Based on Neural Networks in Nakdong River
Basin & Application to Flood Warning System

RUEF/HMBE /NN
Yoon, Kang Hoon / Seo, Bong Cheol / Shin, Hyun Suk

Absiract

The purpose of this study is to develop a real-time forecasting model in order to predict the flood
runoff which has the nature of non-linearity and to verify applicability of neural network model for
flood warning system. Developed model based on neural network, NRDFM(Neural River
Discharge-Stage Forecasting Model) is applied to predict the flood discharge on Waekwann and
Jindong stations in Nakdong river basin. As a result of flood forecasting on these two stations, it can
be concluded that NRDFM-1II is the best predictive model for real-time operation. In addition, the
results of forecasting used on NRDFM-1 and NRDFM-II model are not bad and these models
showed sufficient probability for real-time flood forecasting. Consequently, it is expected that NRDFM
in this study can be utilized as suitable model for real-time flood warning system and this model can
perform flood control and management efficiently.

Keywords @ Neural Network, Back-propagation, Rainfall-Runoff, Flood Forecasting, Flood Warning
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