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Neural Network-Based Sensor Fault Diagnosis in the Gas
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Abstract

In this paper, we propose neural network based fault diagnosis method to diagnose of sensor in the gas monitoring
system. In the proposed method, using thermal modulation of operating temperature of sensor, the signal patterns are
extracted from the voltage of load resistance. Also, ART2 neural network is used for fault isolation. The performance
and effectiveness of the proposed ART?2 neural network-based fault diagnosis method are shown by simulation results
using real data obtained from the gas monitoring system.
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patterns.
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Table 1. Sensor signal patterns and fault diagnosis results
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Table 2. Sensor signal patterns and fault diagnosis results
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