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ABSTRACT

This study investigated how appropriate the classification methods based on conventional spectral
characteristics are for high resolution imagery. A supervised classification mixing parametric and
non-parametric rules, a method in which fuzzy theory is applied to such classification, and an
unsupervised method were performed and compared to each other for accuracy. In addition,
comparing the result screen-digitized through interpretation to the classification result using spectral
characteristics, this study analyzed the conformity of both methods. Although the supervised
classification to which fuzzy theory was applied showed the best performance, the application of
conventional classification techniques to high resolution imagery had some limitations due to there
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being too much information unnecessary to classification, shadows, and a lack of spectral
information. Consequently, more advanced techniques including integration with other advanced

remote sensing technologies, such as lidar, and application of filtering or template techniques, are

required to classify land cover/use or to extract useful information from high resolution imagery.

KEYWORDS: IKONOS, Land Cover Classification Method. Image Classification,

Visual Interpretation
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(a)
FIGURE 4. Land cover classification maps from fuzzy classification(a) and visual interpretation(b)
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