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Abstract | A system identification i1s to estimate the mathematical model on the base of
input outpit data and to measure the output in the presence of adequate input for the controlled
gsystem. In the fraditional system control field, most identification problems have been thought as
estimating the tunknown modeling parameters on the asgumption that the model structures are fixed.
In the system identification, it is possible to estimate the true parameter values by the adjusted
least squares method in the input outpit cagse of no observed noige, and 1t ig possible to estimate
the frue parameter values by the fotal least squares method in the nput output case with the
observed noige. We suggest the adjusted least squares method as a congistent estimation method in
the gystem identification in the case where there is observed noigse only in the output. In this paper
the adjusted least squares method has been developed from the least squares method and the
efficiency of the estimating results was confirmed by the generating data with the computer
gimulations.
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Fig. 10 Parameter estimation by RTLS method

Fig. 11 Paramefer egtimation by RALS method
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