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Abstract

A severe drawback to the calculation of watershed images is over
segmentation. Relevant object contours are lost in a sea of irrelevant ones.
This is partly caused by random noise, inherent to a data, which gives rise
to additional local minima, such that many catchments basins are further
subdivided. Proposed watershed image segmentation algorithm is iteratively
merging neighboring regions that have similar gray level distributions, to

restore image.
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