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Abstract

In this paper, we proposes a mecthod for face recognition using HMM(idden Markov Model) and wavelet coefficients.
First, input images are compressed by using the multi-resolution analysis based on the discrete wavelet transform.
And then, the wavelet coefficients obtained from each subband are used as feature vectors to construct the HMMs. In
the recognition stage, we obtained higher recognition rate by summing of each recognition rate of wavelet subband.
The usefulness of the proposed method was shown by comparing with conventional VQ and DCT-HMM ones. The
experimental results show that the proposed method is more satisfactory than previous ones.
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LLoY | LHYY | HLolY | HHH Y | Total
AFE 5 3 3 2 5
A2 5 4 2 2 5
A3 4 3 4 2 5
AR 5 3 2 3 5
A5 5 4 5 4 5
AL 5 4 2 2 5
AT 4 2 4 1 4
A8 4 4 5 2 5
A9 5 3 4 2 5
A}10 5 5 5 3 5

Total 47/50 | 34/50 | 36/50 | 23/50 | 49/30

AAE(%) | 94% 68% 72% 46% 98%
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