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Navigation of Autonomous Mobile Robot

with Intelligent Controller
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Abstract

This paper proposes an intelligent navigation algorithm for multiple mobile robots under unknown dynamic
environment. The proposed algorithm consists of three basic parts as follows. The first part based on the fuzzy rule
generates the turning angle and moving distance of the robot for goal approach without obstacles. In the second part,
using both fuzzy and neural network, the angle and distance of the robot to avoid collision with dynamic and static
obstacles are obtained. The final adjustment of the weighting factor based on fuzzy rule for moving and avoiding
distance of the robots is provided in the third stage. The experiments which demonstrate the performance of the
proposed intelligent controller is described.
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Table 2. Fuzzy rules 2 for goal approach
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Table 3. Fuzzy rules 3 for obstacle avoidance
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Table 4. Weight factor fuzzy rules
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