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An Acceleration Method of
Face Detection using Forecast Map
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Abstract

This paper proposes an acceleration method of PCA(Principal Component Analysis)
based feature detection. The feature detection method makes decision whether the target
feature is included in a given image, and if included, calculates the position and extent
of the target feature. The position and scale of the target feature or face is not known
previously, all the possible locations should be tested for various scales to detect the
target. This is a search problem in huge search space. This paper proposes a fast face
and feature detection method by reducing the search space using the multi-stage
prediction map and contour prediction map. A proposed method compared to the existing
whole search way, and it was able to reduce a computational complexity below 10% by
experiment.
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Fig. 1 Face detection using multilevel forecast map

B d7oiie 92 28 Satdes o g o
W 2GS S U Bof Tsn waE 9
FEEvY 9 A4 A% 2ALS BYRe Pue
Yok meb F9E BHOT wo J9E W) A
€ of2} 79 w83 RS2 74 BT ol
23t (AP DE H2T $3 £5 WE £E 8Y

o,
w |

HEEr T EGF v
a7 2. s gt
Fig. 2 Average eye images
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Fig. 3 Eye detection using multilevel forecast map
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Fig. 4 Generation of Contour forecast map
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Fig. 5 Face detection process with forecast map
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